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® BoxCars: 3D Boxes as CNN Input for Improved Fine-Grained
Vehicle Recognition
» Jakub Sochor, Adam Herout, Jiri Havel
» CVPR 2017
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» Mask-CNN — 22 AR TE 55, arxiv:1605.06878
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» Bilinear CNN Models for Fme—grained Visual Recognition ,
Tsung-Yu Lin Aruni RoyChOWdhury Subhransu Maji , ICCV15
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>HE = 4EZ, Low rank bilinear poohng for fine- gralned
classification, CVPR 2017
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convolutional + pooling layers
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® Weakly Supervised Fine-Grained Categorization with Part-
Based Image Representation, FH) A j‘%?%,TIP 2016
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(b) Red-winged Blackbird vs. Yellow-headed Blackbird
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® Mining Discriminative Trlplets of Patches for Fine-Grained

Classification  Yaming Wang, Jonghyun Choi, Vlad I.
Morariu, Larry S. Davis, CVPR 2016
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°® Picking Deep Filter Responses for Fine—grained Image

Recognition, Xiaopeng Zhang, Hongkai Xiong, Wengang
Zhou, Weiyao Lin, QiTian, CVPR 2016
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e SPDA-CNN: Unifying Semantic Part Detection and

Abstraction for Fine-grained Recognition, Han Zhang, Tao
Xu, Mohamed Elhoseiny, Xiaolei Huang, Shaoting Zhang,

Ahmed Elgammal, Dimitris Metaxas, CVPR 2016
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® The Unreasonable Effectiveness of Noisy Data for Fine-

Grained Recognition, Jonathan Krause, Benjamin Sapp,

Andrew Howard, Howard Zhou, Alexander Toshev, Tom
Duerig, James Philbin, Li Fei-Fei, ECCV 2016
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® Fine—grained Categorization and Dataset Bootstrapping using

Deep Metric Learning with Humans in the Loop, Yin Cui,
Feng Zhou, Yuanqing Lin, Serge Belongie, CVPR 2016
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L Augmenting Strong Supervision Using Web Data for Fine-

grained Categorization, Zhe Xu, Shaoli Huang,Ya Zhang,
DachengTao, ICCV 2015
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® Learning Deep Representations of Fine-Grained Visual

Descriptions ’

Bernt Schiele, CVPR2016
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o Multiple Granularity Descriptors for Fine-grained
Categorization, Dequan Wang, Zhiqiang Shen, Jie Shao, Wei
Zhang, Xiangyang Xue and Zheng Zhang , ICCV 2015
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* Hyper-class Augmented and Regularized Deep Learning for

Fine-grained Image Classification, Saining Xie, Tianbao Yang,

Xiaoyu Wang, Yuanqing Lin, CVPR 2016
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° Embedding Label Structures for Fine-Grained Feature

Representation, Xiaofan Zhang, Feng Zhou, Yuanqing Lin,
Shaoting Zhang, CVPR 2016, 1114--1123
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e Selective Convolutional Descriptor Aggregation for

Fine-Grained Image Retrieval, K22 ERFSH S5, TIP
2017 (SCDA)

» Attention model: %Hﬁg . HVGG1 61‘7%@1&1?%4ﬁ (41
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SCDA (continued)
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